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TENTH WORLD CONGRESS
ALTERNATIVES AND ANIMAL
USE IN THE LIFE SCIENCES
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AUGUST 20-24, 2017

General Information | Registration = Housing
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The 3Rs in Action

Welcome to the website of the 10th Congress on Alternatives and Animal Use in
the Life Sciences. The congress will take place at the Washington State
Conwvention Center in Seattle, Washington, USA on August 20-24, 2017 . ABSTRACT BOOK

We are pleased to invite you to the 10™ World Congress on Alternatives and NOW AVAILABLE
Animals in the Life Sciences (WC10), which will be held on 20-24 August 2017 in
Seattle, Washington, USA. The theme for this Congress is “The Three Rs in
Action.”

PROGRAM

Countdown WC10 promises to be a cutting edge scientific meeting with emphasis on the latest
technologies for reduction and replacement of animals and innovations in
approaches to ethics, animal welfare and public policy. Its placement in Seattle

- I offers a broader reach to countries in Asia that are strengthening their focus on

D_LE.SIS ﬁr;...?lly ,!q—:r.ere'sec the Three Rs. The cccurrence of the 10% in a series of World Congresses in the WC 10 APP
area of Alternatives and Animal Use in the Life Sciences is a milestone and DOWNLOAD
correlates with the 10" anniversary of the Mational Research Council report on
Toxicity Testing in the 215 Century — A Vision and a Strategy — a perfect occasion
to take stock on our progress.

PLENARY
We look foraard to seeing you in Seattle in 20171 SPEAKERS

Elaine Faustman, Robert Kavlock and Joanne Zurlo, Congress Co-chairs
We look forward to seeing everyone in Seattlel

Receive Announcements
Stay up to date with WC10 announcements! Use the sign up form below to add yourself to our communications lists:

Email = Email




Scientific Program Overview

Themes:

|. Ethics

Il. Lessons Learned

[11. Innovative Models for Safety and Efficacy
I\/. Sustainability

V. Systems Biology and Big Data

V1. 3Rs in Academia

VII. Translation

VIII. Refinement and Animal Welfare

IX. Global Cooperation
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1d-Across Based QSAR for REACH

vicz: Using High-Throughput Literature Mining to Support Read-Across Predictions of Skin Sensitization
ff: Automated Read-Across for REACH
Read-Across and Grouping of Complex Substances Using Bioactivity Data from Human Induced Pluripotent Stem Cell GPSC)-

a0go: Exploring the Value of New Approach Methodologies in Read-Across: The Parabens as a Collaborative EU-ToxRisk—
e Study

Read Across

e Patlewicz, USEPA, RTP, NC, USA

National Institute of Health Sciences, Tokyo, Japan

icz: Navigating Through the Minefield of Read-Across: From Research to Practical Tools

-------- ni: Read-Across: Lessons Learned & Success Stories from Canada’s Chemicals Management Plan

: amada: Our Recent Experiences for Development of Read-across Approach for Chemical Safety Assessment

5-6 71 Franms Kruszewski: Benefits of Using Read Across and in Silico Techniques to Fill Non-SIDS Data Gaps for High Production Volume Chemical

elman: Case Study of Read-across Predictions Using a Generalized Read-Across (GenRA) Approach
ao: Application of Read-Across in Quantitative Chemical Risk Assessment in a Regulatory Setting

‘rlue of new approach methodologies in read-across: the parabens as a collaborative EU ToxRisk - Cosmetics Europe case study;

2080 | er Burg B, Mahony C, Naciff J, Ellison C, Detroyer A, Bury A, Drewe W, Long T, Kamp7, Dinant Kroese H, Escher S, Cull T, White
} er B, Keller D, Willighagen E, Cronin M, Currie R, Grapel R, Van de Water B, Mombelli E.
C Across Case Studies for Repeated-Dose Toxicity; Mahony C, Schultz TW, Cronin MTD.
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RFER:

Tuesday, August 22, 2017

Read-Across Based QSAR for REACH

12:15 — 13:00 Room 609

Speakers: Thomas Hartung, MD, Ph.D, The Johns Hopkins, University Bloomberg School of Public Health; Craig Rowlands, DABT Biosketch

This session will provide an update on the collaboration between UL and researchers from Johns Hopkins University on a read-across based QSAR tool
for REACH. We will discuss how this in silico tool will help to minimize animal consumption and will predict toxicity to fill data gaps for the REACH
registration process.

=) .
L

11-2-445 Barbara Birk: The Effects of Active Transport in an In Silico-In Vitro Based Risk Assessment Approach for Potential Endocrine Disrupting
Substances

I11-15-480 Miyoung Yoon: Incorporating Metabolism into a Tiered Testing Scheme Based on the Combination of In Vitro and In Silico Approaches

I 15-701 Barbara Wetmore: Advances in In Vitro and In Silico Tools for Toxicokinetic Dose Modeling and Predictive Toxicology

5 671 Franeis Kruszewski: Benefits of Using Read Across and in Silico Techniques to Fill Non-SIDS Data Gaps for High Production Volume Chemical
Categories

I1-6-291 Yuko Nukada: Construction of Mechanism-Based Hepatotoxicity Prediction System by Combining in Silico and In Vitro Technology

V-3-647 Glenn Myatt: The Development of in Silico Toxicology Protocols

I1X-6-499 Paul Carmichael: Report on the Unilever and EPA Collaboration on Developing In Vitro and In Silico Methods for Toxicological Risk
Assessment

RRE—F=:

» Paul Carmichael: Report on Unilever and EPA collaboration on developing in vitro and in silico methods for toxicological risk assessment
* Bridging the gap from external to internal exposure: use of in silico, PBPK and in vitro methods to predict the biokinetics of topically applied cosmetic
mgredients; Klaric M, Cubberley R, Duplan H, Eilstein J, Ellison C, Grégoire S, Hewitt N, Jacques-Jamin C, Lange D, Roe A, Rothe H, Schepky A.
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Development of new data analysis methods : KY-methods
Echtaro Yuta

E-yuta@incilicodata com
The In Silico Data Ltd., Japan

1. Preface
The KE¥-method iz a data analysis method featuring multistep re-sampling process.
Currently 6 types of EY-method are developed. There are three types as claszification
methods of two claszes, and three types as multiple regression methods. The KY method
achieves an extremely high classification rate in the two clase classification method and
realizes an extremely high determination coefficient in the multiple regression method.

2 Basic composition of KY-method

In the K¥-method, various existing data analysiz methods are used az clazsification
method and multiple regression method. Therefore, the Ki-method is not a specific data
analyziz method but a "meta data analysiz method” developed in combination with an
existing data analysis method. For example, in the two-class classification KY-method,
various data analysis methods such as SVM (Support Vector Machine), AdaBoost, NN
(Neural Network), Bayesian Analysis and other various discriminant analysiz methods
are applied Likewise, in the multiple regression K¥-method, it iz possible to apply
various methods such as linear / nonlinear regrezsion, logistic regression, PLS (Partial
Least Squares), etc. in the multiple regression method.

J. Excellent feature of KY-method

The EY-method does not deteriorate the accuracy of data analysis even if a large
number of samples are used. Therefore, the K¥-method has a powerful and optimum
function corresponding to the future big data era.

(1) Sample number free: The KY method has a feature that data analysis accuracy
does not drop even if the number of samples ic extremely large. This iz because sample
groups are claszified into small groups at individual step, zo that the number of zamplez
iz relatively small, which makes 1t possible to avoid degradation of data analysis

accuracy.
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(2) By the KY-method, classification accuracy and coefficient of determination can be

increased- In the KY-method, noise samples are put together and transfer to the next
step. For this reason, it is possible to analyze the data without noise samples within
each step. As a result, data analysis can be performed without decreasing the

classification rate and the determination coefficient.

(3) The KY-method is a meta analysis method to which existing methods are applied as
a data analysis method applied at individual stages. This makes it easy to incorporate
data analysis methods to be developed in the future, and can always work with the
latest methods.

4 Types of KY'method

The KY¥-method currently has three types as two class classification method and also
three types as multiple regression method are developed.

* Two class classification KY-method:

(a) Two model K¥method (b} One model K¥method () Model free K¥ method
* Multiple regression KY-method:

(a) KYTFitting with DA (Discriminant analysis)
(Discriminant analysis) (c) Model free K¥-fitting

(b) KYFitting with no DA

5. Summary
The KY-method is a "meta analysis method" that can improve the data analysis power

possessed by the original methods. In the poster, more details on the KY-method will be

discussed.
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By adopting the multistage iterative analysis
method, the KY—method can achieve high
analytical precision even when handling with a
large number of samples.

>The KY—-method easy to incorporate new data

anal sis methods which wil evelop
series o tF] W met

Two model KY  KY Fitting —
with DA

Single model KY  KY Fitting

with no DA

Model free KY  Model iree

KY Fitting

(Al =8 1a14 0 2x24eeee + i nan+Conat |

>Discriminant analysis (3 methods) and fitting
(3 methods) were developed as KY—method.
>Discriminant analysis by KY—method (2 class
classification) achieve 100% classification rate
constantly.

> High correlation coefficient was obtained by
fitting method.

> In the prediction rate, the model free KY—method
may achieve the highest value in discriminant
analysis, and the model free KY fitting is expected
to achieve high value in fitting.
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File Edit View Sample Descriptors

FeatureSelection

Graphs Modsl Window

Help
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Scatter Plot

Absalute of Residues Plot

Number of Samples = 433
Kamber of Parameters = 51
Samples/Parameters Ratio= 849
= 7828
Adjusted R2 = 7310
Deer. of freedom for reer = 51
Total deer of fresdom =
Sum of sauares for rezr, = $90ce002
Total sum of souares = 425
Reeression mean souare = Sorer000
Mean squars error(MSES= 4.00e-001

F-statistic = 240e+001 =l
R2 History Plot
#R2
»
NI} Bl

Recalculate | Select plots ..

Far Help. press F1

[ State [ Desc Name | Beta | SdBeta | t-statistic | t-square [ p-value | -
CONST 130 003 4288 1.8e+003 000
B4 LOGP =053 007 =795 63 000
4 WTPTS 041 008 644 M 000
b= HF -045 007 -600 6 000
4 PATH_SSS .. 042 ooe 527 28 000
B4 Donors count -0:34 007 -6.03 26 000
4 SCOUNT N2 021 008 465 22 000
hzl NDE -024 005 -444 20 000 |
4 ENVR (-G} =026 006 -401 16 000
PND1 -019 005 -399 16 000
B4 MDE 11 028 007 -308 16 000
4 MDE 24 026 007 262 13 000
B4 PATHSSS = =029 008 -347 12 000
4 POHGMC =021 007 =319 10 000
=) STRAZ 020 007 -3.08 a3 000
4 SHDwW =020 007 =297 88 000
LUMO 025 009 298 a8 000
B4 ENYR (-G-C) [IRE:] 008 2083 86
4 SYMMIT -014 008 -279 78
pzd PATH.SSS -013 005 -250 67
Z SCOUNT {-C. =023 00e -258 6.6
Model name: LOG LGAO_MLR 5 Cancel
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Thank you for your attention:
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